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Y — Z be an arbitrary

Theorem 6. Let M : X" — Y be e-differentially private, and let F :
randomized mapping. Then F o M 1is e-differentially private.
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be an e-differentially private algorithm. Suppose X and X' are

Theorem 7. Let M : A" —
two datasets which differ in exactly k positions. Then for all T c Y, we have

Pr[M(X) € T < exp(ke) Pr[M(X') € T).
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(Rus &) CompociTion

Theorem 8. Suppose M = (M, ..., M) is a sequence of e-differentially private algorithms, po-
tentially chosen sequentially and adaptively. Then M 1is ke-differentially private.
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