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Algorithm: The Perceptron (Rosenblatt 1958)

6>0
Output: approximate solution w and b

1 for k=1,2,...do

receive training example index I, € {1
if y;, (W' xy, +b) <6 then
W — W+ Yy, X1,

2
3
4
5 b« b+yr,

Input: Dataset D = ](xi,%:) € R x {£1}:i=1

.....

nf, initialization w € RY and b € R, threshold

// the index I;, can be random
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// update only after making a ‘‘mistake”
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